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Abstract

The rapid advancement of artificial intelligence (AI) has significantly
transformed the field of translation, particularly in the context of cross-linguistic
communication. Al-based translation systems, including neural machine translation
(NMT), have improved accessibility and efficiency in multilingual information
exchange. However, despite these technological advancements, numerous challenges
persist, especially when translating texts from English into structurally and culturally
diverse languages. This study aims to analyze the linguistic, cultural, and technological
challenges associated with Al-driven translation. The research employs a qualitative
analytical approach, examining typical translation outputs and identifying recurring
issues such as semantic ambiguity, contextual misinterpretation, and cultural mismatch.
The findings reveal that while Al systems demonstrate high performance in handling
general language structures, they struggle with idiomatic expressions, stylistic nuances,
and culturally embedded meanings. The study highlights the necessity of integrating
linguistic knowledge and human expertise into Al systems to improve translation
quality and reliability.
Keywords: artificial intelligence, machine translation, cross-linguistic
communication, translation challenges, neural networks

INGLIZ TILIDAN BOSHQA TILLARGA (INGLIZCHA-RUSCHA TARJIMA
MISOLIDA) TILLARARO TARJIMADA SUN’IY INTELLEKTDAN
FOYDALANISH MUAMMOLARIGA ANALITIK YONDASHUV
Ablyayeva Venera
SamDChTI
Ingliz tili leksikologiyasi va
stilistikasi kafedrasi o‘qituvchisi
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Annotatsiya
Sun’iy intellekt (SI) ning jadal rivojlanishi tarjima sohasini sezilarli darajada
o‘zgartirdi, ayniqsa tillararo kommunikatsiya kontekstida. SI asosidagi tarjima
tizimlari, jumladan neyron mashina tarjimasi (NMT), ko‘p tilli axborot almashinuvida
qulaylik va samaradorlikni oshirdi. Biroq, ushbu texnologik yutuqlarga qaramay,
ayniqgsa ingliz tilidan strukturaviy va madaniy jihatdan farq qiluvchi tillarga tarjima
qilishda bir gator muammolar saglanib qolmoqda.

Mazkur tadqiqot SI yordamida amalga oshiriladigan tarjima bilan bog‘liq
lingvistik, madaniy va texnologik muammolarni tahlil qilishga garatilgan. Tadqiqotda
sifatli tahliliy yondashuv qo‘llanilib, tipik tarjima natijalari o‘rganiladi hamda semantik
noaniqlik, kontekstni noto‘g‘ri talqin qilish va madaniy nomuvofiglik kabi
takrorlanuvchi muammolar aniqlanadi.

Natijalar shuni ko‘rsatadiki, SI tizimlari umumiy til tuzilmalarini qayta ishlashda
yuqori samaradorlikni namoyon etsa-da, idiomatik ifodalar, uslubiy nozikliklar va
madaniy jihatdan bog‘langan ma’nolarni uzatishda qiyinchiliklarga duch keladi.
Tadqiqot tarjima sifatini va ishonchliligini oshirish uchun SI tizimlariga lingvistik
bilimlar va inson tajribasini integratsiya qilish zarurligini ta’kidlaydi.

Kalit so‘zlar: sun’iy intellekt, mashina tarjimasi, tillararo kommunikatsiya, tarjima
muammolari, neyron tarmogqlar

AHAJTATAYECKHAN MOAXO K IIPOBJEMAM MCIIOJIL30OBAHHUS
WCKYCCTBEHHOTO MHTEJIJIEKTA B MEKBSI3BIKOBOM NMEPEBO/IE
C AHDIMIICKOTO SI3BIKA HA JIPYTHE SI3BIKU (HA TIPUMEPE AHIJIO-
PYCCKOTI'O IEPEBOJIA)

AbsasieBa Benepa
IIpenonaBarens CamI M
Kadenpsr nekcuxonoruu u
CTUJIMCTUKH aHIIMIICKOTO SI3bIKA
AHHOTAIUA
CrpemutenbHOE pa3BUTHE HCKycCTBeHHOro uHrteiiekra (W) 3HauntenbHO
TpanchopMupoBaio cdepy MepeBoma, OCOOCHHO B KOHTEKCTE MEXbSI3bIKOBOU
KoMMyHUKannu. CucteMsl nepeBoja Ha ocHoBe MU, BkITtouast HEWPOHHBIN MAIIMHHBIHI
nepeoq (NMT), moBeicun 1OCTYMHOCTH U 3 (HEKTHBHOCTH 0OOMeHa nH(popMaIien B
MHOTOs13bI4HOM cpee. OJIHAKO, HECMOTPS Ha 3TH TEXHOJOTHMYECKHE JTOCTHKEHUS,
COXpaHseTcs psiji MpoodsieM, 0COOEHHO MPHU MEPEBOJIE TEKCTOB C AHIIIMMCKOTO SI3bIKa Ha
CTPYKTYPHO U KYJBTYPHO OTJIUYAIOIIUECS A3BIKU.
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JlaHHO€ MccnenoBaHue HAIIPABICHO HA AHAJIN3 JIMHTBUCTUUYECKUX, KYJIBTYPHBIX
U TEXHOJOTUYECKUX TMpoOIeM, CBA3AHHBIX C MEPEBOJOM, OCYIIECCTBISIEMBIM C
nomombio UM, B pabore ucnonb3dyercss KaueCTBEHHBIM aHATUTUYECKUU TOIXOJ,
OCHOBAaHHBI HA M3YYCHUU TUIMUYHBIX IEPEBOJOB WM BBISBICHUMU IMOBTOPSIOLIUXCA
omuOOK, TaKUX KaK CEMaHTHUYeCKas HEOJHO3HAYHOCTh, HEBEPHAs WHTEpIpeTaIus
KOHTEKCTA U KYJIbTYPHbIE HECOOTBETCTBUS.

B HUCCIEeA0BaHUU MOAYEPKUBAETCS HEO0O0XOIUMOCTh MHTErpaluu
JIMHTBUCTUYECKUX 3HAHUW M YEJIOBEUECKOM OJKCrepTusbl B cucrtembl MU s
MOBBIIIEHNS KAU€CTBA U HAJIC)KHOCTH NIEPEBOAA.

KurodeBble ¢10Ba: MCKYCCTBEHHBIN MHTEIUIEKT, MAIIMHHBIN NEPEBO/I, MEKbA3BIKOBAS
KOMMYHUKaIIHs, TPOOJIeMbI IEPEBO/Ia, HEUPOHHBIE CETH

Introduction

The increasing globalization of communication has created a growing demand
for efficient and accurate translation across languages. In response to this demand,
artificial intelligence has emerged as a powerful tool in the field of translation [2, p.
12]. Al-driven systems, particularly neural machine translation models, have
revolutionized the way texts are translated, offering fast and cost-effective solutions
for multilingual communication [1, p. 45].

Despite these advantages, the use of Al in translation raises significant concerns
regarding accuracy, reliability, and cultural sensitivity [9, p. 67]. English, as a global
lingua franca, often serves as the source language in translation processes. However,
translating from English into other languages presents complex challenges due to
differences in grammar, semantics, and cultural context.

The aim of this study is to provide an analytical overview of the challenges faced
by Al systems in cross-linguistic translation from English into other languages. The
research focuses on identifying key problem areas and evaluating the limitations of
current Al technologies in handling linguistic diversity [8, p. 159].

Literature Review

The development of artificial intelligence in translation studies has been shaped
by both linguistic theory and computational advancements. Early approaches to
translation were primarily rule-based and relied heavily on linguistic knowledge.
Foundational works such as Eugene A. Nida’s Toward a Science of Translating (1964)
[8, p.25] and Peter Newmark’s A Textbook of Translation (1988) [7, p.12] established
the importance of semantic equivalence, cultural context, and communicative purpose
in translation. These principles remain central even in modern Al-driven systems.
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The shift toward computational methods began with statistical models, as
described in Philipp Koehn’s Statistical Machine Translation (2010) [5, p. 78], which
introduced probabilistic approaches to translation based on large bilingual corpora.
Earlier comprehensive overviews, such as W. John Hutchins and Harold Somers (1992)
[6, p. 102], highlighted the limitations of rule-based systems and anticipated the need
for more adaptive technologies.

A major breakthrough in machine translation occurred with the emergence of
neural machine translation (NMT). The work of Dzmitry Bahdanau, Kyunghyun
Cho, and Yoshua Bengio (2014) [3, p. 5] introduced attention mechanisms, enabling
models to dynamically focus on relevant parts of the input sequence. This innovation
was further advanced by Ashish Vaswani et al. (2017) [4, p. 6000], whose Transformer
architecture significantly improved translation quality by relying entirely on attention
mechanisms rather than recurrent structures.

Contemporary research in natural language processing, as reflected in Daniel
Jurafsky and James H. Martin (2023) [2, p. 134], emphasizes the role of deep learning
models in achieving near-human performance in certain translation tasks. However,
despite these technological advances, significant challenges remain, particularly in
handling ambiguity, pragmatics, and cultural nuance [9, p. 89].

From a translation studies perspective, scholars such as Juliane House (2015)
and Gideon Toury (1995) have stressed the importance of translation quality
assessment and the influence of norms and context on translation outcomes. Similarly,
Jean-Paul Vinay and Jean Darbelnet (1995) provided a comparative stylistic framework
that highlights structural and cultural differences between languages—factors that
remain difficult for Al systems to process effectively.

Methods

This study adopts a qualitative analytical methodology. The research is based on
the examination of Al-generated translations produced by widely used machine
translation systems [1, p. 67]. A selection of English texts of varying complexity was
translated into several target languages, including languages with different
grammatical and cultural structures.

The analysis focuses on three main dimensions:

« Linguistic accuracy (grammar, syntax, and vocabulary)

« Semantic equivalence (meaning preservation)

o Cultural and contextual adequacy

Examples of translation outputs were systematically analyzed to identify recurring
patterns of errors. Comparative analysis was also employed to evaluate differences
between human and Al translations [9, p. 120].
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Analysis and Results

The analysis revealed several significant challenges in Al-based translation:
1.Semantic Ambiguity
Al systems frequently struggle with words that have multiple meanings. Without
sufficient contextual understanding, translations may result in incorrect interpretations.
For example, polysemous words in English often require deep contextual analysis,
which Al systems do not always successfully perform [2, p. 134].
One of the most common issues in Al-based translation arises from polysemy,
where a single word has multiple meanings depending on context.
Example 1: Sentence: “She sat by the bank and watched the water.”
Possible meanings of the word “bank’:
e river bank (Geper pexn)
¢ financial institution (6aHK)
Al systems may incorrectly translate this as:
“Ona cuoena y banxa u cmompena na 600y ” instead of the correct: “Ona cuoena na
bepezy peku u cmompena Ha 600y~
Example 2: Sentence: “This bag is very light.”
Possible meanings of the world “/ight”:
e not heavy (Jiérkuii)
e illumination (cBer)
Incorrect Al translation may produce: “Oma cymka ouenv ceemnasn” instead of
“Oma cymka ouenv nézxkasn”
2.Idiomatic and Figurative Language
Idioms, metaphors, and culturally specific expressions present a major difficulty
for Al translation systems [7, p. 89]. These expressions are often translated literally,
leading to unnatural or misleading results.
Example 1: “It’s raining cats and dogs”
« Literal Al translation: “/Aoém 0oowcob uz kowek u cobak”
o Correct meaning: “Hoém cunvhwiii 002cO0b / 1useHs ™
Problem: AT interprets the expression word-for-word instead of recognizing it as
an idiom.
Example 2: “He tried to break the ice at the meeting.”
o Incorrect Al translation: “Owu neimancs ciomame 160 na ecmpeue”
o Correct translation: “On nvimancs pazpsoums obcmanosxy / Hauams pazeosop”
3.Structural Differences Between Languages
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Languages vary significantly in syntax and grammatical structure [11, p. 92]. Al
systems sometimes fail to adapt sentence structures appropriately, especially when
translating into languages with flexible word order or complex morphology [12, p. 34].

Example 1: Word order differences

Sentence: “l only told her the truth.”

Possible meanings (depending on focus):

e Only I told her (HukTO KpOoMe MeHsI)
e [ told only her (Hukomy npyromy)
e [ told her only the truth

Al translation often ignores emphasis: “4 monvko ckazan eu npasdy”
(ambiguous / inaccurate).
Correct variants depend on context: “Tonwvxo s cxazan evi npasdy ™ or “A ckazan npagoy
monvko e’

Conclusion

This study has examined the key challenges associated with the use of artificial
intelligence in cross-linguistic translation from English into other languages [2, p. 145;
9, p. 133]. The analysis has shown that despite significant technological progress, Al
systems still face limitations in handling semantic complexity, cultural context, and
stylistic variation.

Future research should focus on enhancing Al models through interdisciplinary
approaches that incorporate linguistic theory, cultural studies, and human feedback.
The development of more context-aware and culturally sensitive translation systems
remains a critical goal for the advancement of Al in translation.
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